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detection based on neural our previously
designed brain tissue segmentation. This proposed method classifies

brain volume 3 classes: n01111al tissue (Gray
White matter), Pathological tissue and Fluid
fluid). to the relevant features each segmented
tissue and classify the tumour images with neural network. The
pertormance of the proposed technique is validated with the standard
evaluation metrics such as and accuracy
values. The method has been to a large number of

images showing promising results for various qualities.
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Fig-J: Segmented results of Brain MRI with tumor. (a) Input Brain

MRI (b) Skull stripped image, (c) fluid image,
(d) White matter, (e) Gray matter, (f) region
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Row Total

TN

Condition

TABLEl

TABLE DEFINING THE TERMS

Fig-6: Simulation result of neural network

.. Neural Network

True Negative 3
1---.

Positive 3

True Positive 2

False Negative 0

Specificity 075

Sensitivity 1

Accuracy 0.83

Positive

Negative

TABLE

DETECTION ACCURACY PROPOSED TECHNIQUE IN TRAINING AND

TESTING DATA:l>ET

Experimental
Outcome

The 1-"P11't"rrnOln{'p

Fig-5: Structure ofMLPNN

V. EXPERIMENTAL RESULTS

nr'-"n,-.,cp·rl tecnmuue are m
of neural network

stands for True
FN stands for False

False Positive. Table 1
evaluation metrics like
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